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ABSTRACT

Convergence and separation performances are
highly dependent on a relation between probability
density functions (pdf) of output and nonlinear func-
tions used in updating coefficients of a separation

block.

tion was chosen based on kurtosis. In this paper, an

It was suggested that useful nonlinear func-

adaptive nonlinear function based the estimations of
the outputs distributions proposed. The output pdfs
are estimated using parametric technique. Nonlinear
functions are modeled by —p(y)/p(y). Therefore, to-
ward outputs pdf to change one after another in the
target, suitable nonlinear fuctions are always formed.
In the simulation, the proposed method is compared
with the methods based kurtosis and the validity is

shown.
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