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A Learning Algorithm for BSS of Convolutive Mixtures with Rerverberations
-By Using Adaptive Weighted Stepsize-

oo oot
Akihide Horita

oo oot
Kenji Nakayama

oo oot
Akihiro Hirano

0000000 DOO0OO000O0 0000000000
Graduate School of Natural Science & Technology, Kanazawa Univ.
DpopooooO0oO0o0ooO0O0o0oo
Dept. of Information and Systems Eng., Faculty of Eng., Kanazawa Univ.

E-mail: nakayama@t.kanazawa-u.ac.jp

good

00000000o0oooooo (BsSS)oooooo
goboboboboboboooobooboobooboon
gboobOooboobooocboooooboobooooon
gooo

obooboboobooooboooooboobon BSS
gboobooooooboboooobobooooo
00o00o0o0ooooUoooOoooooo . o
gobbbooooooooboboooooobobogo
gobogboobobobobob.oboooog
ogobooOoooboobobocobbooOoooooooooon
gobooooobooooooooooooooooon
gooboboobooooobooogooboooobod
gboboooboobooboooboooooboboo

ABSTRACT

In many applications, mixing processes have a cer-
tain frequency characteristic in blind source separation
(BSS). When reverberations occur, separation perfor-
mances are especially worse because of relation be-
tween delay and signal power.

We proposed the learning method using an expo-
nentially weighted stepsize for adaptive filters in the
unmixing blocks applied to BSS of convolutive with
reverberations[17]. Order of adaptive filters used in
the unmixing blocks are increased due to the rever-
berations.

In this paper, separation performance is

evaluated for very high-order adaptive filters used in

the unmixing block. The separation performance is
decreased due to high-order filters and colored input
signals. However, the exponentially weighted stepsize
is always useful compared with the conventional fixed

stepsize.
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