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Abstract

In this paper, effects of estimation error of param-
eters used in a noise canceller consists of the Kalman
filter and a single microphone are analyzed in theoret-
ically and numerically.

In this type of noise cancellers, three kinds of pa-
rameters should be estimated. They include a state

transition matrix A, covariance matrices of the signal

Q@ and the noise R. These parameters are estimated
using the noisy signal. The estimation error degrade
noise cancellation performance. Effect of the estima-
tion error in @ is most severe, and that of R is almost
negligible. Through several simulations, these proper-
ties are confirmed. Some methods are introduced in
order to suppress these effects. SNR is improved by
around 3dB.
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