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Abstract

plied to convolutive mixtures. First, convergence property is analyzed. A condition on trans-

An stable learning algorithm is proposed for a feedback blind source separation ap-

mission delay times in the mixture, under which delay time of direct paths are less than that
of cross paths, is required for stable convergence of learning FIR filters in a separation block.
However, reverberations in a room, where the BSS system is used, have long transmission de-
lay times, which do not satisfy the above condition. In this paper, an exponentially weighted
step-size is proposed to stabilize the learning process for the reverberations. The corrections of
the FIR filters are exponentially scaled along the tap number. The step-size is automatically
adjusted by approximating an envelop of the FIR filter coefficients. Through simulations, good
separation performance, which is the same as in no reverberations condition, can be achieved by

the proposed method.
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Fig.1  Block diagram of feedback blind source

separation
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