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Abstract A multilayer neural network has been applied to estimation of mental tasks based on brain waves. Five
kinds of the mental tasks are used. The brain waves were measured by using 7-channels. Features are extracted
through Fourier transform. Since many samples have small value, the nonlinear normalization is employed. 2,500
samples are included in a channel. The number of the samples is compressed by taking average of the successive
several samples. 20 samples per a channel can provide good estimation results. When the outputs of the neu-
ral network are small, the estimation results are not reliable and are rejected by using some threshold. (Correct
and mis-judgement rate) vary from (78%and0%) to (92%and8%). As the threshold is increased, both correct and
mis-judgement are decreased. The brain waves are different from person to person. The correct judgement rates for
three persons are 42% ~ 78%. Furthermore, when a single neural network is applied to the brain wave data of two
persons, the correct judgement rate decreases from 78% and 72% to 65%.
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